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Image Recognition for Geotagged Photos Using Corresponding Aerial Photos

KEITA YAEGASHIT! and KET YANATT2

We have been conducting study of exploiting aerial photos as additional image features for
visual recognition of geotagged photos. In our previous work, since we simply concatenate
feature vectors extracted from geotagged photos and ones extracted from aerial photos, it was
difficult to evaluate how much geotags helped improve the recongnition performance. In this
paper, we introduce multiple kernel learning (MKL) to evaluate contribution of both features
for recognition by estimating the weights of geotagged photo and aerial photo. The experi-
mental results demonstrate effectiveness of usage of aerial photos for recognition of consumer
photos.
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Fig.1 General procedure for our work
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Table 3 Weight estimation results for combination of geo-
tagged photos and multiple aerial photos (LV1~3)

by MKL.
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Table 4 Weight estimation results for combination of geo-
tagged photos and aerial photos (LV1~3) by

MKL.
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