o000 0OO00o0O0ooo oooo
THE INSTITUTE OF ELECTRONICS, TECHNICAL REPORT OF IEICE.
INFORMATION AND COMMUNICATION ENGINEERS

Jododouoooboobooogoud

oo oof oo oof
TDDDDDD 0 182-8& 0000000000 1-5-1

E-mail: {{noguchi-a,yanai}@mm.cs.uec.ac.jp

uoboo bOoobobooobooobobooobooobboobOOooooboOoobboOoobOOoobobOoOobobOOoooboog
OO00D0O00bO0O0000O00booO00o00o00o00OO0YoutubeD OODODOOODOOOODOOODOOOODOO
0000000000000 000 Multiple Kernel LearningMKL) O 000000000000 O0O0OOOOOOO
Oo0oooo0 wWebOOODOOOOODOOOOOOOODOODOOOODODODOOOOODOOOOOOODODODO
ooooooooooooooboooboooooooooboooo0ooooooobObOoObO0O000OO00U KTHODODODOOO
OO00000 Youtube OO OOD0OO 300000000000 0000O000DOOO0OOD0 KTHOODOO
O000000000000000 94.0%0 Youtube 00000000000 D0OOO0ODOOOO 804%00000
gooood

00000 0000000000 0OKTHO Youtube datall DO O 0O 0O MKL

Action Recognition by Combining Features
Using Multiple Kernel Learning
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Abstract Recognizing action in video is very useful, because it can be applied to many kinds of applications.
Action recognition is being studied in many researches, but most research has focused on videos taken in controlled
environment. In this paper, we propose action recognition method by combining features based on Multiple Kernel
Learning(MKL), and we recognize action in web video shots. We combine visual, motion and spatio-temporal fea-
tures. As spatio-temporal feature, we utilize features which consists point and its local tracking. In experiment, we
evaluate our method using KTH dataset, and Youtube dataset. As a result, we obtain 94.0% as a classification rate
for in KTH dataset which is almost equivalent to state-of-art, and 80.4% for Youtube dataset which ourperforms

state-of-the-art much.
Key words spatio-temporal feature, action recognition, KTH, Youtube data, combining featrues, MKL
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