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Abstract In this paperd we describe our approach and results for the semantics indexing task at TRECVID
20100 We focused on spatio-temporal feature and Bag-of-Frames approachll We used Multiple Kernel Learning as
a fusion method to combine these various kinds of features] Since MKL can estimate weights to combine kernels[]
as a result of the full-category SIN task( our MKL approach yielded to get infAP=0.0478 and we reached rank 14
(among 30 teams) for the full-category SIN task and rank 12 (among 37 teams) for the light-category SIN task in
TRECVID 20100
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