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Recognition of multi-food images
by detecting candidate regions

HaJimME HoasHI™! and Ken Yanarft

In this paper, we propose a method to recognize multi-food images by de-
tecting candidate regions with several methods. The proposed method is based
on our previous work on food-image recognition which assumes that one image
has only one food. We detect several candidate regions by fusing output of
several region detectors including the efficient sliding window search (ESS), a
circle detector and the JSEG region segmentation.

In the experiments, we estimated ten food categories for one multi-food image
in the descending order of confidence. As results, we have achieved the 60.2%
classification rate, which improved our previous method by 39.0 points. This
demonstrates that the proposed method is effective for recognition of multi-food
images.
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