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An Analysis on Regionality of Word Concepts
Using Regional Representative Images

HipETOSHI KAWAKUBO ! and KELJT YAaNAT 1

In this paper, we propose a new method to analyze visual regionality of word
concepts using regional representative images. The proposed method consists
of the following steps: (1) gathering geotagged images from Flickr regarding
given keywords, (2) computing representative geographical coordinates using
Mean-Shift clustering, (3) evaluating regional representativeness of each im-
ages using GeoVisualRank, (4) calculating the scores of visual regionality using
pLSA and JS-divergence. We made experiments about 250 noun concepts and
100 adjective concepts. As results, it turned out that the regionality score of
the concepts having unique regional representative images became larger.
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