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Improvement of food image recognition using local feature extraction by

k-means and dish detector
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Abstract In our previous work, we propose a method to recognize multi-food images by detecting candidate
regions with several food region detectors including a circle detector, the JSEG region segmentation and sliding
window search by the Deformable Part Model. In this paper, we improve food image recognition using feature
extraction by k-means and dish detector.

Key words Food image recognition, dish detector, k-means
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