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Summary

Objective: Examine the relation between onomatopoeia words and images
using a large number of tagged images.

Approach: |1] Evaluate "recognizability” of onomatopoeia concepts by noise separation
[2] Evaluate “discriminablity” of onomatopoelia concepts within the same nouns

] Onomatopoeia images 5 Exp.(]1) : Automatic building of dataset

-Collected Web images regarding twenty kinds of onomatopoeia words

Onomatopoeia words in English -Achieved the average precision(AP) on the top 50 imgs were 89.6% (layer 6)

— Source of the sound that it describes
such as “tic tac” and “quack”

DNN features outperformed IFV clearly at image retrieval
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-Semantic annotation is a hard task due to ambiguous definition.
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- Some onomatopoeia words are strongly related to specific kinds of objects
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