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VGG19 Network
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VGG19 Network
(Max pool[EEANMR)
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Neural Style Transfer
[Gatys et al.]
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Neural Style Transfer
[Gatys et al.]
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[Gatys et al. ]
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Neural Style Vector

CNN-based style vector for style image
retrieval. [S. Matsuo, ACM ICMR 2016.]
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Neural Style Vector
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