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« Im2Calories [Myersis 2015]
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Myers et al. Im2calories: towards an automated mobile s - | sea Fried
vision food diary. In Proc. of IEEE International e
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Conference on Computer Vision, 2015.
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« CNN-based Food Image Segmentation [ FH i 2015]
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(1) Selective Search (2) BB clustering (3) Back propagation

ey’
(4) Saliency maps (5) Segmentation (6) NMS Final result
by GrabCut

W. Shimoda and K. Yanai. CNN-based food image segmentation without pixel-wise annotation.
In Proc. of IAPR International Conference on Image Analysis and Processing, 2015.
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Faster
R-CNNIJ[1]

Single-task
CNN [2] 60 kcal i

[1] S. Ren et al. Faster R-CNN: Towards realtime object detection with region proposal networks. NIPS 2015.
[2] T. Ege and K. Yanai. Simultaneous estimation of food categories and calories with multi-task cnn. MVA 2017.
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S. Ren et al. Faster R-CNN: Towards realtime object detection with region proposal networks. NIPS 2015.
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Conv-layers (VGG16)

Ege and Yanai. Simultaneous estimation of food categories and calories with multi-task cnn. MVA 2017.
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[1] Y. Matsuda, H. Hajime, and K. Yanai. Recognition of multiple-food images by detecting candidate regions.
In Proc. of IEEE International Conference on Multimedia and Expo, 2012.
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« UEC Food-100
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— sT{fIEE & L CTPASCAL VOC detection task®
mean Average Precision(mAP) ZZ{#

100053V | =X MHEG | T RX MHEGR
;=100 =50
53053V |11hHA573V

R-CNN 26.0 21.8 25.7
NEHSDFE (BP)[1] 49.9 55.3 55.4
Faster R-CNN 42.0 46.3 57.9

[1] W. Shimoda and K. Yanai. CNN-based food image segmentation without pixel-wise annotation.
In Proc. of IAPR International Conference on Image Analysis and Processing, 2015.
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HEPREEHOD —=S#E[1] 30.2 105.7
EHRESHHOY —SHE 214 136.8 53.0 85.1
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YOLOV2 : J. Redmon, A. Farhadi, YOLO9000: Better, Faster, Stronger, CVPR 2017
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