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let relul = MPSCNNNeuronRelLUNode(source: convl.resultImage)

N let bnl = MPSCNNBatchNormalizationNode(source: relul.resultImage, ﬂ N IZ w-sﬁﬂ%rﬁ = E- Eﬁﬂ%rﬁ = E-Eﬁﬂ%Fﬁ
TN . " " - - - - - -
?Q \\J I\I ’ —{ 7% ﬁﬂ é dataSource: DataSource2("bnl", 32)) 7] H ﬁ I:lll:n\lil E ﬁ a E

let conv2 = MPSCNNConvolutionNode(source: bnl.resultImage,
weights: DataSource("conv2", 4, 4, 32, 64, 2, useBias: true))

L) f b\ / \ 9 let relu2 = MPSCNNNeuronReLUNode(source: conv2.resultImage) } . }
—Jﬁ d~ b 7 % let bn2 = MPSCNNBatchNormalizationNode(source: relu2.resultImage, 155 2 1 146 72 170 OO
dataSource: DataSource2("bn2", 64)) M PS . I I IS . I I IS . I I |S

MPSCNNConvolutionNode(source: bn2.resultImage,

let conv3
_ ‘ weights: DataSource("conv3", 4, 4, 64, 128, 2, useBias: true))
H I let relu3 = MPSCNNNeuronRelLUNode(source: conv3.resultImage) - " - - - -
let bn3 = MPSCNNBatchNormalizationNode(source: relu3.resultImage, CO re IVI L 144.87 mS 134.47 mS 15 1 .OO mS
dataSource: DataSource2("bn3", 128)) - s L E L .

. 1
—% 1 l b 0) | *E 7 '\ b let concatl = MPSNNConcatenationNode(sources: [bn3.resultImage, stylelmagel,
styleImage2, styleImage3, styleImage4])

MPSCNNConvolutionNode(source: concatl.resultImage,

\774 JLZE AR / Lot celut - PSOUeuTonReLUIods (omnons ot sy T T vsebiaas ) Chainer2MPSGraph | 108.99[ms] 107.67[ms] 110.68[ms]

Convolution

MaxPooling 1: cup (72.31%)

1: mouse,computermouse (98.97%) 2: coffeemug (17.58%)

2: CDplayer (0.25%) 3: espresso (3.66%)
Fully Connected 3: lenscap lenscover (0.14%) 4: teapot (1.77%)

4: modem (0.11%) 5: measuringcup (0.90%)

5: joystick (0.10%)

EUEVEVEN

Softmax

Elapsed: 108.05 msec
Elapsed: 110.21 msec

let bn4 = MPSCNNBatchNormalizationNode(source: relu4.resultImage,
dataSource: DataSource2("bn4", 128))

5. Multi Style Transfer[2]
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Chainer2C[3] (CPU) 138.55[ms]

Chainer2MPSGraph (GPU) 96.26[ms]

CoreML(FastStyleTransfer)[ &5 {E] 101[ms]

6. conditional CycleGAN (PS2-24 CH 3z

5 5l 55 (D) D | LB
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