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1. Extract bounding
boxes of food dishes
by YOLOv2.

2. Crop image
corresponding to each
bounding box.
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3. Give food calorie
estimation network these
cropped images one by one.
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https://www.youtube.com/watch?v=FOho7WyntOw

e AR DeepCalorieCam:

https://www.youtube.com/watch?v=iXJL8004Eqg

e AR DeepCalorieCam V2:

https://www.youtube.com/watch?v=4fPdq_9fAYw
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