Magical Rice Bowl: A Real-Time Food Category Changer
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Overview Experiments
Multi-Domain Image-to-Image Translation only to food area Datasets
-Based on a StarGANJ[1] with a large-scale food image data In the case of the dataset has diversity geometric structure,
collected from the Twitter Stream. it is difficult to translate.
ot So we set the constraint of bowl only.
Network === -We have gathered 230k food

images which consist of 10 kind
of food categories from Twitter
stream.
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Background e p—

There are many cases in letters and faces
are well generated and translated by GANSs.

=) However, there are few cases of food. 2014 2015 2016 2017
So we challenged food transformation. & ’f f f L
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Methods

Cycle Consistency Loss
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: Changes In quality due to differences of the number of
IReal l - e total images.
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