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e Class activation map(CAM)[Zhou et al. CVPR 2016]
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The loss of the plate segmentation
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* [1] Simple does it, CVPR 2017
— Bounding boxMD 7 /T— 3 aFEIZEFE

Base method 50.2 77.5

BB annotation 51.1 81.9
+ GrabCut [1]

proposed 52.3 80.4
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(1) - 50.2  77.5
(1) . % % 49.8 789
(1) % . v 46.0  67.3
(V) v % . 51.2  78.2

(V) v v v 52.3  80.4
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