
Images generated from CycleGAN become blurry
especial ly in areas with complex edges.

ED-Block wil l be frozen before training CycleGAN part
and its encoder wil l be shared with generators. We
also did some changes on adversarial losses and
cycle consistency loss to train CycleGAN part.

Our network achieves highest evaluation scores

among CycleGAN, Unit and DiscoGAN.

• We designed a novel block, cal led ED-Block, to
extract edge information and save it in difference
map.
• We proposed ED-CycleGAN and by adding
translated image to its difference map, we can get
images with much better quality.
• Our model get notable evaluation scores compared
with CycleGAN, Unit and DiscoGAN.
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Fig.3. The structure of our proposed network.

Fig.2. Results comparison
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The epoch of training ED-Block shoule be proper to
reconstructed the input image. After many attempts,
we set it to 200 epochs.

Fig.4. Results of ED-Block

Fig.7. Evaluation Scores on Apple2Orange
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To solve this problem, we design a new module called
ED-Block to extract and project edges and boundaries
information in advance and add them back to output
to improve image quality.

Fig.1 . Problem in CycleGAN

ED-Block is trained in advance using Eq.1 . Then, we
subtract the output image to the original input, we can
get difference map.

Fig.5. Loss values of ED-Block in 500 epochs

Fig.6. Models Comparison




