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REFH EncIN SGN SGN-+bias | Piggybackl | Piggyback2 Single SharedEnc
X270 | AR 8.514 7.300 3.786 3777 7.964 7.908 9.129 7.455
(PSNR{}, SSIM{Y) 0.9870 | 0.9820 0.9579 0.9578 0.9854 0.9860 0.9892 0.9844
ZAZ 1 1 Al 5e 10.306 9.825 3.445 3.451 9.101 8.139 11.129 6.243
(PSNR1;, SSIM{Y)) 0.9931 0.9920 0.9553 0.9554 0.9939 0.9885 0.9945 0.9806
2272 | WRER 10.762 9.838 3.665 3.656 7.590 6.942 10.506 6.839
(PSNR{}, SSIM{Y) 0.9936 | 0.9916 0.8703 0.9572 0.9868 0.9830 0.9931 0.9825
AAT3 | kR TAv IR IR TV ay 6.753 6.386 2.261 2.297 1.369 6.753 6.404 5.993
(PSNR1), SSIM{, ToUt) 0.9798 0.9775 0.9473 0.9500 0.9630 0.9801 0.9775 0.9753
0.5907 0.5689 0.4299 0.4454 0.4030 0.6014 0.5639 0.5545
X274 | ARANVER 1 (FIDY) 281.3 318.3 299.0 307.1 333.4.8 331.4 186.7 324.4
XAT 5 | AXANER2 (FIDI) 235.3 250.6 263.6 250.1 297.6 323.3 163.9 251.6
HAADE 1 | MRER + AX A VLR (FIDI) 304.3 361.3 349.1 343.4 - - B -
fAGhE 2 | HEER + 6.716 6.643 2.442 2.470 - - -
XRUFA VORI AT =AYy 0.9794 | 09791 0.9524 0.9519 - - -
(PSNR4), SSIM{}, ToUt) 0.5755 | 0.5752 0.4700 0.4625 - - -
HABDES | X T (v I v IAys—Yay + | 313.0 320.3 339.0 348.6 - - -
AR A VAW (FIDY, ToUf) 0.5457 | 0.5403 05011 0.4555 - - - -
EFNTA R (85 A —HE) 1,698,435 | 1,695,747 | 1,765,363 | 1,002,243 | 1,688,835 | 1,688,835 | 10,075,410 | 9,572,370
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